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BACKGROUND

« Tardive dyskinesia (TD) is a severe and involuntary movement disorder, which is
commonly associated with prolonged antipsychotic freatment.

« TD s likely underreported and misdiagnosed in real-world clinical practice.'?

« Understanding the proportion of patients who may experience TD but recelve no
formal diagnosis could support the characterisation of patient populations that may

benefit from novel therapeutic interventions, such as vesicular monoamine transporter
type 2 (VMAT2) inhibitors.

» Electronic health records (EHRs) can be used to assemble large, naturalistic cohorts of
patients who are representative of those receiving routine mental healthcare. EHRs
typically include structured data on demographics, diagnoses and prescribed
medication but most of the clinical information is stored In unstructured data fields that
comprise documentation of clinical assessments and freatment.

STUDY AIMS

 |dentify the number and proportion of patients with a history of antipsychotic treatment

who

* Have arecorded ICD diagnosis of TD In structured EHR data
* Have no recorded ICD diagnosis of TD In structured EHR data, but
evidence of clinical features of TD documented in unstructured EHR datao

METHOD

Data source and cohort assembly

» Aretrospective study using NeuroBlu database version 21R1.3

* The database contains de-identiflied EHR data recorded between 1999 and 2021
across 25 US mental healthcare sites.

» A cohort of patients treated with antipsychotic medication was assembled.

Identifying diagnosed tardive dyskinesia
« SQL was used to identify patients with ICD-codes mapped to TD (ICD-9 333.85, ICD-10
G24.01).

Identitying evidence of clinical features of tardive dyskinesia

« Clinical features of tardive dyskinesia documented within unstructured EHR data were
extracted through manual review.

« A total of 25,376 unique text-strings which described psychomotor function as part of
the mental state examination were reviewed.

« Text-strings which contained relevant key words were categorised as indicating a
possible diagnosis of tardive dyskinesia.

« Here, features of tardive dyskinesia were defined using key words manually derived
from the Abnormal Involuntary Movement Scale* and independently validated by a
trained psychiatrist.
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The most frequently clinician-recorded features of TD were extremity
movements and unspecified symptoms (Table 1, Figure 1).

DISCUSSION
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Figure 1. Proportion of patients with clinical features of tardive dyskinesia recorded in unstructured portions of the EHR. Each clinical
feature was mapped to one of four categories of the AIMS scale.

» Findings demonstrate that clinical features of TD may be frequently recorded by

clinicians in unstructured EHR data but not be formally recorded as a diagnosis In
structured fields.

* The lack of recording of a structured TD diagnosis In over 99% of patients with
evidence of TD recorded in unstructured fields could represent a substantial
missed opportunity for freatment.

« While involuntary facial and oral movements have been estimated to account for
up to 60-80% of TD cases, our data suggest that broader features of a “tardive
dyskinesia syndrome” may be frequently documented during clinical assessment.

« Alternatively, other motor symptoms, such as akathisia, Parkinsonian symptoms or
tremor, could have been misattributed.

» The present study highlights a pressing need for clinicians to better recognise and
diagnose TD to close the tfreatment gap and increase access to treatments for
affected patients.
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