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* An Increased understanding of predictors of hospitalization among patients newly A retrospective cohort study of electronic health record (EHR)-derived de-identified
diagnosed with major depressive disorder (MDD) iIs Important so that data from the NeuroBlu Research database was conducted in adults with MDD
hospitalizations can be reduced, and depression can be treated and managed in an diagnosed between 09/2000-06/2020. All analyses were performed using R.

outpatient settin . . . .
P J NeuroBlu Research is a leading source of behavioral health real-world evidence and

 |n clinical settings, risk assessment leading to inpatient hospitalization may often be contains 20+ years of longitudinal data and records for over 1M patients (MDD:
reserved for patients with severe MDD or serious mental illness (bipolar disorder, 251,000+) in 30+ geographically diverse psychiatry sites in the US spanning both
schizophrenia, etc.) Inpatient and outpatient sites Including hospitals, emergency departments, and

community psychiatry clinics. NeuroBlu Research utilizes a proprietary natural
language processing (NLP) algorithm to extract meaningful clinical information not
typically captured in a structured way including a large array of symptoms, side effects,

* Moreover, it is not uncommon for behavioral health care providers to lack sufficient family history, and external psychosocial stressors.
training In risk assessment (Schmitz et al, 2012) and a simple summary of predictors
of hospitalization could prove useful to clinicians

« Although risk assessment can be embedded into electronic health records (EHRS),
these tools often do not include psychosocial stressors (Walsh et al, 2021)

Study schematic and patient attrition are presented in Fig. 1 and Fig. 2. Precipitating
factors for patients hospitalized within 30 days of index date were assumed to have
already occurred and these patients were excluded from this study. Patients were

STUDY OBJECTIVE randomly split (70%/30%) into train and test sets. Time to hospitalization was modeled
by Cox models with elastic-net regularization; diagnoses of bipolar disorder,
- Examine predictors of hospitalization in patients with newly-diagnosed MDD schizophrenia, or schizoaffective disorder were entered as time-varying covariates as

transition to these diagnoses represents a distinct clinical phenotype which may have a
different clinical trajectory. C-index was estimated by 10-fold cross-validation (CV) In
train set; model performance was assessed in the test set.

Results
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as predictors of hospitalization.
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